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How?

Sweden Ban Christmas Lights to Avoid Angering 
Muslim Refugees

Is it true?

#$!*&
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The CheckThat! Lab @ CLEF
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Participation
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Evolution in Terms of Participation
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      Claim Verification

Given a check-worthy claim and a set 
of potentially-relevant Web 
pages/passages, estimate the 
veracity of the claim.
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I do not!

Donald thinks 
climate change 
is a hoax

5:   Check-Worthiness on debates

Predict which claim in a political 
debate should be fact-checked

EN5

3:  Evidence Retrieval

Given  a  check-worthy  claim and  a  
retrieved  list  of potentially-relevant 
Web pages, retrieve useful passages 
for fact-checking (i.e., constituting 
evidence). 
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The Verification Pipeline and 2025 Tasks

      Claim Verification

Given a check-worthy claim and a set 
of potentially-relevant Web 
pages/passages, estimate the 
veracity of the claim.

4

I do not!

Donald thinks 
climate change 
is a hoax

5:   Check-Worthiness on debates

Predict which claim in a political 
debate should be fact-checked

EN5

3:  Evidence Retrieval

Given  a  check-worthy  claim and  a  
retrieved  list  of potentially-relevant 
Web pages, retrieve useful passages 
for fact-checking (i.e., constituting 
evidence). 
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Task 1: Subjectivity in News Articles



Motivation
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As the influence of digital media has grown, so has the importance of 
distinguishing between subjective and objective language.

Objective sentences => Fact-checking pipeline

Subjective sentences => Additional processing

● Opinion piece: discard information
● Contains fact:

○ extract the objective version
○ flag it as a feature?

The event, which organisers had envisaged as a 
celebration of a new, progressive era, turned into a 
chaotic nightmare.

There is yet everywhere a deficit in the public 
revenue because the shrinkage in everything 
taxable was so sudden and violent.



Task Description
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Given a sentence, extracted either from a news article, determine whether it is 
influenced by the subjective view of its author (class SUBJ) or presents an 
objective view of the covered topic (class OBJ).

Offered in nine languages:
- Train & Test: Arabic, Bulgarian, English, German, and Italian
- Zero-shot: Greek, Polish, Ukrainian, and Romanian

Also offered in a multilingual setting.



Examples
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Data
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Results - monolingual
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Results - unseen languages
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Results - multilingual 
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Results
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Approaches
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Summary
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● Transformers were most popular, both 
monolingual and multilingual.

● Many performed feature selection for 
improvement

● Few approaches relied on LLM-based 
translation and data augmentation



Task 2: Claims Extraction & Normalization



CheckThat! 2025 Task 2
Claim Normalization

20

Given noisy social media posts the task is to transform them into clear, concise, 
and verifiable statements known as normalized claims, which capture the core 
factual assertion of a post. 

    
Task 2 was offered in 20 languages: English, German, French, Spanish, 
Portuguese, Hindi, Marathi, Punjabi, Tamil, Arabic, etc.



CheckThat! 2025 Task 2
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Datasets
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CheckThat! 2025 Task 2
Model Highlights



CheckThat! 2025 Task 2
Teams participated in different languages
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CheckThat! 2025 Task 2
Results - with seen languages
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Scores (METEOR) for languages with training data. 



CheckThat! 2025 Task 2
Results - with seen languages
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Scores (METEOR) for languages with training data. 



CheckThat! 2025 Task 2
Results - with unseen languages
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Scores (METEOR) for languages with training data. 



CheckThat! 2025 Task 2

Summary/Findings
• Sequence-to-sequence generation strategies

• Most prevalent approach involved fine-tuning pretrained models such 

as BART, T5, mBART, and LLaMA

• Preprocessing include emoji removal, hashtag normalization, 

multilingual data augmentation via translation, and prompt 

engineering tailored to each language

• Semantic similarity retrieval to choose in-context instances for 

prompting
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Task 3: Fact-Checking Numerical Claims



Motivation - Illusion that numbers indicate truth
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No open-domain Benchmark 
existed before for 
fact-checking numerical claims.

Closest works focused a bit on 
a small sub-category of simple 
statistical claims.



Task & Data Collection Pipeline
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Task: : Given a numerical claim and the retrieved evidence snippets, the goal is 
to predict if the evidence  supports, refutes, conflicting or is unrelated to the 
numerical claim.
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Diversity and Coverage of QuanTemp

31



Claim Categories
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Limitations of just asking LLMs
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Some baseline evaluations
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CheckThat! 2025 Task 3
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Datasets



CheckThat! 2025 Task 3
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Datasets



CheckThat! 2025 Task 3
Model Highlights
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CheckThat! 2025 Task 3

Summary/Findings
• While fine-tuning LLMs for verification helps improve performance, 

even the best performing solution falls short of upper bound.

• This demonstrates that LLMs struggle to contextualize and accurately 

interpret numerical information in claims and evidence.

• The task requires reasoning over mixed
– modalities of numerical and textual data, 

– the ability to contextualize and compare numerical values,

– and performing numerical reasoning for claim verification.

• Task is far from being solved.
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Task 4: Scientific Web Discourse



Motivation
Robust methods for the processing of scientific 
discourse on social media

40

Fig. Proportion of science-related tweets between 2013 and 2020 

➢ Scientific topics, claims and resources 
are increasingly debated online 
(Fig.)

➢ Yet scientific discourse on the Web is 
often decontextualized,1 making it 
difficult to assess the validity and the 
original sources of scientific claims 
around important societal topics (e.g., 
COVID-19, climate change) 

“stanford study says masks are 
totally inefficient”

1. scientific claim 
=> no scientific context (e.g., 
population size, statistical 
significance)

2. scientific reference
=>  no links/identifiers (e.g., 
DOI) to the actual study

Example:

[1] Hafid et al., “Disambiguation of Implicit Scientific References on X”, ACM HyperText, 2025



Task Description & Data
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Task 4b: Scientific 
Claim Source Retrieval

Task 4a: Scientific 
Web Discourse 

Detection

Objective: Detecting different 
forms of Scientific Web 
Discourse (e.g., claims, 

references)

Objective: Retrieving source 
publications from which 

claims and references 
originate



Task Description & Data
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Task 4a: Scientific Web Discourse Detection
Detect different forms of Scientific Web Discourse in a given set of social media posts (tweets). 
Scientific Web Discourse is categorised as posts that contain:
1. a scientific claim that may be verified or refuted using primary scientific publications
2. a reference to a scientific study/publication
3. a reference to scientific contexts or entities, e.g., a university, a scientist or a scientific 

conference    

(*): Definitions, Categories and Examples are extracted from our previous work, see Hafid et al., “SciTweets- a dataset and annotation framework for detecting scientific online discourse”, CIKM 2022

Dataset*

➢ 1,606 posts from X (Twitter)
➢ Manual annotation for each of the 3 categories of scientific web discourse



Task Description & Data
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Task 4a: Scientific Web Discourse Detection
Detect different forms of Scientific Web Discourse in a given set of social media posts (tweets). 
Scientific Web Discourse is categorised as posts that contain:
1. a scientific claim that may be verified or refuted using primary scientific publications
2. a reference to a scientific study/publication
3. a reference to scientific contexts or entities, e.g., a university, a scientist or a scientific 

conference    

(*): Definitions, Categories and Examples are extracted from our previous work, see Hafid et al., “SciTweets- a dataset and annotation framework for detecting scientific online discourse”, CIKM 2022

Examples*

1) 
Science 
related

1.1 Scientific 
Claim

Donating blood not only helps others, but reduces the rate of cancer and heart disease in 
the donor.

1.2 Scientific 
Reference

via @medical_xpress A new in vitro (test tube) study, “Dietary functional benefits of Bartlet 
http://t.co/Qv1C1GjQin #UFO4UBlogHealth

1.3 Scientific 
Research Context

How is @UChicagoIME shaping the future or science ? Find out on April 6! 

2) Not science related My father got COVID-19. 

http://t.co/Qv1C1GjQin
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Task 4b: Scientific Claim 
Source Retrieval 

Given a tweet referring to a 
scientific study in an informal 
way, identify the correct 
study out of a pool of 
candidate scientific papers.*

Task Description & Data

(*): For more details on the definitions, task formulation, and annotation protocol, see Hafid et al., “Disambiguation of Implicit Scientific References on X”, ACM HyperText, 2025



45

Task 4b: Scientific Claim 
Source Retrieval 

Dataset:

➢ Query set: 15,699 posts from X with 

implicit references to scientific papers 

from CORD-19 [1]

➢ Collection set: metadata (e.g., title, 

abstract, affiliations) of the 7,718 

CORD-19 scientific papers which the 

query set posts implicitly refer to

Task Description & Data

[1]: Wang et al., “CORD-19: The COVID-19 open research dataset”, 1st Workshop on NLP for COVID-19, ACL 2020



Approaches
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➢ Task 4a (multi-class classification task)
○ Mostly Transformer-based models (e.g., SciBERT, DeBERTa-v3, Twitter-Roberta) 

and LLMs
○ Additional approaches

■ data augmentation
■ ensemble methods
■ optimization techniques

➢ Task 4b (IR task)
○ Mostly a two-stage approach: Dense retrieval + Neural re-ranking
○ Additional approaches

■ strategic sampling of hard negatives
■ style transfer techniques



Results
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Total participation (Task 4a): 10 teams



Results
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Total participation (Task 4b): 30 teams



Summary/Main Takeaways/Highlights
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➢ Task 4a (multi-class classification task)
○ Overall, fine-tuning existing pre-trained language models works best in 

terms of avg F1-score
○ LLM approaches perform better for the subtask of identifying scientific references 

(category 2)
➢ Task 4b (IR task)

○ Most teams relied on a combination of retrieval methods (dense, sparse, or both) 
and re-ranking models

○ Retrieval methods included both lexical and semantic methods
○ Re-rankers included LLMs (ChatGPT, LLaMa, Gemma) but did not always 

outperform transformer-based models
○ Style-transfer techniques showed mixed results
○ Strategic sampling of hard negative samples led to clear performance gains

→ With best-performing scores at F1=0.80 for Task 4a and MRR@5=0.67 for Task 4b, both tasks still show 

clear room for improvement



CheckThat! Program
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Programme (Madrid time)
CT! oral session 1: Thursday 11th September, 14:15 to 15:45
14:15 - Introduction to the CheckThat! Lab
15:00 - Task 1 & 2: Three talks on Subjectivity and Claim Normalization

CT! oral session 2: Thursday 11th September, 16:30 to 18:00 

16:30 - Task 2: One talk on Claim Normalization
16:45 - Task 3: Three talks on Numerical Claim Verification
17:30 - Task 4: Two talks on Numerical Claim Verification

CLEF poster session 3: Thursday 11th September, 15:45 to 16:30

CT! oral session 3: Friday 12th September, 11:30 to 13:00

11:30 - Invited talk. Rubén Míguez Pérez

Details on the CheckThat! website:

http://checkthat.gitlab.io/clef2025/#lab-programme 

http://checkthat.gitlab.io/clef2025/#lab-programme
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